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Background: The eﬀectiveness of online health communities (OHCs) for improving outcomes for health care
consumers, health professionals, and health services has already been well investigated. However, research on
determinants of OHC users’ activity levels, what is associated with attrition or attraction to these communities,
and the impacts of initial posts is limited.
Objectives: We sought to explore topic exchanges in OHCs and determine how users’ initial posts and community
reactions to them are associated with their subsequent activity levels. We also aimed to extend the theory of
Attraction-Selection-Attrition for Online Communities (OCASA) to this area.
Methods: We examined exchanges in a major Australian OHC for cancer patients, analyzing about 2500 messages posted over 2009–18. We developed a novel annotation scheme to examine new members’ initial posts and
the community’s reactions to them.
Results: The annotation scheme includes ﬁve themes: informational support provision, emotional support provision, requests for help, self-reﬂection & disclosures, and conversational cues. Initial conversations were associated with future activity levels in terms of active posting versus non-active engagement in the community.
We found that most OHC members disclosed personal reﬂections to bond with the community, and many actively posted to the community solely to provide informational and emotional support to others.
Conclusion: Our work extends OCASA theory to bond-based contexts, presents a new annotation scheme for OHC
support topics, and makes an important contribution to knowledge about the relationship between users’ activity
levels and their initial posts. The ﬁndings help managers and owners understand how members use OHCs and
how to encourage active participation. They also suggest how to attract new members and minimize attrition
among existing members.

1. Introduction
Interest in online health communities (OHCs) has grown substantially over recent years, particularly since 2007 [1,2]. Scholars have
examined OHCs’ potential to improve outcomes for health service users
[3], health professionals [4], and health services and support [5]. An
OHC is an information system and internet-based text forum in which
people share health-related information, experiences and feelings, and
provide support and encouragement to other community members
[1,4,6]. Interactions in these communities can supplement traditional
communications between doctors, patients and caregivers, and often
the user-generated health content in these communities provide information and support that is not available elsewhere [7].
Previous studies have discussed users’ motivations for joining OHCs,

⁎

such as ongoing management of health conditions [7], exchanging
support and learning from other’s experiences [3], accessing information and emotional help about rare and socially stigmatized health
conditions [8], and forming close relationships with like-minded people
(Fan & Lederman, 2019). Yet, there is still debate about how individuals
use the community, what attrition means in bond-based communities
like OHCs, and what can inﬂuence community members’ active contributions to the community [9].
Researchers have already stressed the importance of initial posts.
For instance, Burke et al. [10] found that new posts asking for help or
informational support are a way of gaining membership of a group and
entering a supportive conversation. Other scholars like McInnis et al.
[11] and Levine et al. [12] also stressed on the importance of newcomers, and found that initial posts can have intentional or
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and answer three questions: what topics are discussed in the initial
conversations of new OHCs users? Does the volume of activity in a new
visitor’s conversation inﬂuence their active or non-active status? Do the
topics discussed in a new visitor’s initial conversation inﬂuence whether they become active or non-active? Our second objective was to
extend the OCASA theory to a bond-based health context, in which
members do not share a cost-beneﬁt motivation for participation in the
community. This is important, because despite the theory’s potential for
understanding OHCs, it has not yet been widely exploited in altruistic
contexts.

unintentional impacts to the dynamic of OHCs. In particular, Levine
et al. [12] found motivations of newcomers are key in understanding
the impact of initial posts on the community dynamic. Furthermore,
Smithson et al. [13] have reported that often OHCs members initiate a
thread by asking for ‘advice’ that had an obvious ‘safe’ answer for it.
These scholars found that new posters often use self-disclosure as a way
of entering membership of the community.
We draw on and contribute to the underutilized theory of
Attraction-Selection-Attrition (ASA) for Online Communities (OCASA).
The theory is comprised of three stages that explain user behaviors in
online communities [14]: attraction (expectations and goals that encourage people to join the community), selection (how they use the
community and whether the community serves their purpose), and attrition (people leaving the community because their needs were not
satisﬁed). While the theory oﬀers a unique perspective on user experience in online communities, it relies on a cost–beneﬁt analogy for
commercial purposes. Butler et al. [14] acknowledged that the theory
needs to be extended to bond-based online communities (e.g. OHCs) in
which members have altruistic and non-ﬁnancial motivations to participate in the community. They invited future researchers to ﬁll this gap,
and stressed that “alternative operationalizations of the OCASA theory
would strengthen its value as a foundational theory for describing the
role of community platform technologies in community growth and
sustainability” (ibid).
Based on OCASA and past research in OHCs (e.g. [1,12]), users’
activity level is a signiﬁcant determinant of attractiveness, usefulness,
and growth of any online community. While substantial research has
already been conducted on various factors that may facilitate or inﬂuence users’ activity level in OHCs (e.g. [4,5,15]), little has been done to
understand the impact of initial posts by new members and subsequent
community reactions [11]. Lack of such understanding can lead to new
members’ losing interest in the community or can damage community’s
eﬀectiveness [13,14]. Thus, in this paper we address this gap in the
literature and hypothesize that the volume and topics of initial posts
made by new members (H1), coupled with the community reactions to
these posts (H2), can predict whether or not a new visitor will go on to
become an active community member (Fig. 1). While we acknowledge
factors such as members’ health conditions, living environments and
other factors that may inﬂuence their activity level in OHCs, they often
cannot be captured directly from textual discussions in the community,
and thus excluded from the analysis in this paper.
In response to Butler et al.’s [14] invitation, the ﬁrst objective of our
research was to develop an annotation scheme for support topics exchanged between community users and to distinguish active and nonactive posters in OHCs. The scheme allowed us to examine H1 and H2

2. Research design
Content analysis of textual discussion is popular among OHCs
scholars, as it oﬀers rich insights about community members’ needs,
interests and activity pattern [2,8,16]. As outlined in the following, we
study an active OHC in Australia, and conducted a qualitative thematic
analysis to extract and examine topics of discussions and to ﬂag initial
posts made by new members. We then conducted a hermeneutic approach for developing an annotation scheme, and use it to annotate
conversations using a web application developed speciﬁcally for this
study.
2.1. The study context
We studied an OHC owned and moderated by Cancer Council New
South Wales (CCNSW). CCNSW is a member of Cancer Council
Australia, and an independent charity, 94 % community funded. As
Fig. 2 shows, it hosts a set of active online communities that allow
people with cancer, and their carers, to exchange support with other
community members (https://www.cancercouncil.com.au/OC). The
community management and planning team was comprised of three
experts who acted as external advisors of this research and provided
feedback about the research direction and ﬁndings. Moderators rarely
intervene in the conversations of community members to encourage
peer-led conversations. Given this, moderators’ comments were rare
and thus not examined in this study.
2.2. Data collection
We studied I have cancer forum (Fig. 2), a sub-community dedicated
to cancer patients to extract themes of support exchanges. This ensured
that the themes would represent a coherent set of content related to this
group of OHC users. The data collection process began by ﬁrst identifying all ordinary community members (i.e. those not formally afﬁliated with CCNSW) who made their ﬁrst post on this sub-community
between the 1 st of April 2009 and the 1 st of July 2018—859 users in
all.
The users were classiﬁed as either active (members who regularly
post in various discussion threads) or non-active (members who may
only engage in one thread or occasional discussions). Given that we
only had access to textual content, members’ activity level could only
be captured based on the posts they made to discussion threads. In
consultation with the CCNSW community management team, we considered active members as those who participated at least once in at
least two conversations (i.e. on diﬀerent threads) in the window
starting 30 days (i.e. approximately one month) and ending 180 days
(i.e. approximately six months) after the date on which they posted
their ﬁrst message on the forum. Otherwise, they were considered nonactive members. This resulted in 159 active and 700 non-active members.
For each user, we gathered the conversation stemming from their
ﬁrst post: namely, their ﬁrst message and all other messages posted
within seven days in the same thread. These messages included messages written by the identiﬁed user (i.e. the conversation starter), by
aﬃliated community members (i.e. replying moderators) and other unaﬃliated community members (i.e. replying peers). The 859 users/

Fig. 1. Research Model.
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Fig. 2. Cancer Council NSW Online Communities.

questions (Table 1). Next, in step two, Explanation, we randomly selected small samples of messages from the forum and annotated them
using the classifying scheme generated in the previous step. This ensured all sentences (and the corresponding meaning) and their corresponding meanings could be captured by the classifying scheme. Authors separately and manually annotated the text, and then met to
discuss agreements and resolve disagreements. Secondly, we presented
the annotation scheme to the three CCNSW experts to examine face
validity of the instrument in order to assure integrity, meaningfulness,
relevance, and clarity of the scheme. We conducted two meetings with
CCNSW team, and incorporated their feedback about naming of themes
as well as meaningfulness of the support topics and their relevancy to
the CCNSW community. The last step, Interpretation, produced an annotation scheme of 15 discussion topics grouped in ﬁve themes
(Table 2): Informational Support Provision (ISP), Emotional Support
Provision (ESP), Request for Support (RS), Conversation Cues (CC), and
Self-Reﬂection & Disclosure (SRD).
As Table 1 shows, extant literature has widely reported RSs, ISPs
and ESPs as explicit support exchanges in OHCs. However, less has been
done to capture implicit support topics. This group of exchanges is
important, because earlier research in the broader online communities’
literature has reported the existence of oﬀ-task (e.g. indirectly health-

conversations yielded a total pool of 2463 messages available for analysis.
We measured ‘volume of activity in a new visitor’s conversation’ by
analysing the number of sentences as well as the number of messages
written by the new members. We then measured ‘community reactions
to initial posts’ by extracting the number peers replying to the new
member’s posts as well as the number of sentences and the number of
messages written by peers.
2.3. Development and validation of the annotation scheme
We employed a passive observational perspective in conducting a
thematic analysis of the 2463 Cancer Council NSW community messages (Fig. 3). We used a hermeneutic approach for conducting a literature review [17] for developing the annotation scheme for practical
research [17].
Step one, Understanding included searching the literature for an
analytic development of key concepts (i.e topics discussed online),
which led to ﬁve themes based on their similarities. We also used the
methods outlined in Fahy [18] and Abedin et al. [19], which acknowledge topics related to social and non-task related discussions, to
capture generic content and greetings such as salutations and rhetorical

Fig. 3. Research design, inﬂuenced by a hermeneutic framework for literature review [17] and a hermeneutic framework for practical research [17].
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Table 1
The literature’s coverage of topics and support exchange in online health communities.
Source

Farmer et al. [20]
Bender et al [8]
Abedin et al. [19]
Fan, & Lederman [21]
Gooden & Wineﬁeld [16]
Wiljer et al. [22]
Gill & Whisnant [23]
Fahy [18]
Meier et al. [24]
Yan et al. [9]
[25]

ISP

ESP

RS

CC

ID

IT

IR

CC

E

E&S

ES

S

RIS

RES

✓
✓

✓
✓

✓
✓

✓
✓

✓

✓

✓

✓

✓
✓

✓

✓
✓
✓
✓

✓
✓
✓
✓

✓
✓
✓
✓

✓
✓
✓

✓

✓
✓
✓
✓

✓

✓
✓

✓

✓

✓

✓
✓

S&C

A&A

HQ

DI

DE

✓

✓

✓
✓

✓

✓

✓
✓
✓
✓

✓
✓
✓

✓

✓
✓

✓
✓

✓

✓
✓

✓

✓

✓
✓
✓

SR&D

✓

✓

✓
✓

✓
✓
✓
✓
✓

✓
✓
✓

✓

3. Results

related posts) content in peer-to-peer exchanges [19]. Thus, we included SR&Ds and CCs in our annotation scheme.
The conversations were then annotated using a Java web application developed speciﬁcally for this study. This application included the
conversation to be annotated on the left and the annotation scheme on
the right. The conversation was split into separate messages, and these
in turn were split into the individual sentences to be annotated. The
application randomizes the order in which conversations were given,
using blocked random allocation with a block size of 10.
To test our hypotheses, independent samples t-tests were conducted
using IBM-SPSS (Version 24). These tests simply compare whether the
volume of activity found in initial conversations deferrers signiﬁcantly
between new visitors who do and do not go on to become active
members of the community. To validate the annotation process, measures of inter-annotator agreement were calculated using the agreement
module of the python package NLTK Python Package (Version 3.5).

3.1. Validity of the annotation process
In order to assess the consistency and subjectivity of the annotation
process, two authors and the research assistant annotated 141 sentences
independently. Each sentence may be annotated with any combination
of the 15 leaf topics in the annotation scheme, so there are 215 or
32,768 distinct ways that a sentence could be annotated. This diversity
of possible annotations makes it impractical to calculate a single interannotator agreement measure.
Instead Table 3 lists the inter-annotator agreement achieved at each
level of the annotation scheme hierarchy. For example, the ﬁrst row
shows the agreement achieved when annotations are simpliﬁed to be
one of the 16 possible combinations of the four top-level topics of the
hierarchy (self-reﬂection, requests for support, support provision, and
conversational queues) without attempting to distinguish between the
lower elements of the hierarchy. The second row shows the agreement
achieved when annotations are simpliﬁed to disclosure of information,

Table 2
The annotation scheme.
Themes

Discussed topics

Descriptions

Sample quotes

Informational Support
Provision (ISP)

Illness (cancer) diagnosis (ID)

Information about and symptoms of cancer diagnosis

Illness (cancer) treatment (IT)

Information about treatment options, and factors to consider when
making treatment decisions
Information on procedures for regular self-monitoring, and lifestyle
changes such as dietary modiﬁcation, to reduce the likelihood of
recurrence of cancer
Advice on how to cope with cancer
Support to face challenges; hopes/prayers that their situation improves
Expressing condolences or the ability to understand and share the
feelings of another
Appreciation for the value of an individual and his or her
accomplishments
Expressions of team spirit so members would not feel alone in their
treatment
Explicit request for advice or help about cancer-related questions or
matters
Explicit request for advice or help in coping with cancer

If it was lymphoma your white cell count
would not have been normal
Without chemo the cancer would have
spread more rapidly
Stay watchful for early signs and of
recurrence

Illness (cancer) recurrence (IR)

Emotional Support Provision
(ESP)

Care and coping (CC)
Encouragement (E)
Empathy & Sympathy (E&S)
Esteem support (ES)
Solidarity (S)

Request for Support (RS)

Self-Reﬂection & Disclosure
(SR&D)
Conversational cues (CC)

Request for informational
support (RIS)
Request for emotional support
(RES)
Disclosure of information (DI)
Disclosure of emotions (DE)
Salutations and closings (S&C)
Acknowledgment &
Appreciation (A&A)
Horizontal questions (HQ)

Revealing details of the author's situation, problems faced, etc., or
sharing news/events
Revealing details of the author's thoughts and feelings
An expression of greeting or goodbye, usually at the opening or closing
of the post
Recognizing or acknowledging the helpfulness, ideas, comments,
capabilities, and experiences of other participants in the conversation
Questions which do not have a “correct" answer, but for which
discussion might produce consensus or deeper understanding of the
problem

* TBH = to be honest.
4

Listen to music before chemo
Keep ﬁghting the good ﬁght
I understand how you feel; sorry to hear
this news
You inspire us with your courage
We're all here with you
Can anyone tell me if a runny nose is a side
eﬀect to this drug & how can you treat it
I just need a shoulder to lean on right now
We went to the specialist today
I’m completely terriﬁed, TBH*
Hello guys
Talk later
Thanks for your interesting & funny posts
How did you go with the second opinion?
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Table 3
Inter-annotator agreement at each level of the annotation scheme.

Top-level topics
Disclosure topics
Support request topics
Support provision topics
Informational support topics
Emotional support topics
Conversational queues

Cohen’s kappa

Krippendorf’s alpha

Possible combinations

0.596
0.607
0.832
0.506
0.290
0.403
0.723

0.596
0.606
0.831
0.505
0.292
0.401
0.720

16 (24)
4 (22)
4 (22)
4 (22)
16 (24)
16 (24)
8 (23)

disclosure of emotions, both, or neither. The remaining rows are constructed in a similar fashion.
The table reports average pairwise Cohen’s kappa [26] and Krippendorf’s alpha [27]. For each measure, 1 indicates perfect agreement,
while 0 indicates agreement that is no better than random chance. We
also report the number of possible combinations of topics at each level
of the hierarchy.
A reasonable level of agreement is achieved at most levels of the
hierarchy, with the exception of support provision categories which
presented a relatively poorer ability to distinguish between the diﬀerent
types of support topics.

Table 5
Diﬀerences in the volume of activity related to the initial conversations of active and non-active new visitors.

that they are not alone but among people who share similar burdens.
However, peers are less likely to discuss their thoughts and feelings
about their situation, with only 20 % of conversations including any
form of emotional disclosure. When providing support to new users,
peers tend to focus on providing emotional support—particularly encouragement—ahead of informational support.
Inﬂuence of the volume of activity in a new visitor’s conversation on
their active or non-active status
Table 5 provides an analysis of whether the volume of activity in
these initial conversations with new visitors diﬀers between those who
go on to become active or non-active posters. The green rows indicate
that the quantity is signiﬁcantly (P < 0.05) higher in conversations
started by visitors who go on to be active posters in the forum.
The volume of activity of a new visitor in their ﬁrst conversation
does not appear to predict whether they will become active or nonactive in the forum, nor does the number of peers who contribute.
However, the volume of contributions from peers (as measured by both
the number of sentences and the number of messages) is signiﬁcantly
greater for visitors who become active, meaning that visitors are more
likely to post actively if they receive a larger volume of responses from
their peers in their ﬁrst conversation.
Inﬂuence of topics discussed in a new visitor’s initial conversation
on whether they become active or non-active
Table 6 provides a breakdown of topics raised by new visitors in
their initial conversations, and measures of whether the frequencies of
these topics diﬀer signiﬁcantly between visitors who become active or
non-active posters.
In Table 6, the green rows indicate a signiﬁcant positive impact on
retention, meaning that the frequency of sentences annotated against
the topic is signiﬁcantly higher (P < 0.05) in conversations started by
visitors who go on to stay active in the online forum. Red indicates,
conversely, that the frequency is signiﬁcantly lower in visitors who
become active posters. It appears that new visitors who request informational support are more likely to become non-active users. Presumably, they join the forum to ask speciﬁc questions and are unlikely
to actively engage after those questions are answered. In contrast, new
visitors who join to help and provide support to others are more likely
to remain active in the forum, particularly if they are inclined to provide emotional support in the form of encouragement or esteem support. New visitors who take care to include social niceties (salutations
and closings) are also more likely to stay active in the forum. Other
topics with statistically insigniﬁcant P-values represent conversation
starters that do occur in the community, but which are not strongly

3.2. Topics discussed in the initial conversations of new users
Table 4 lists, for each type of forum member, the proportion of
conversations that contain at least one example of each of the annotation topics.
Almost all of these conversations contain self-disclosure from the
new visitor. In almost all cases this includes informational disclosure,
and in 43 % of cases emotional disclosure. Thus, while new visitors
almost invariably describe their diagnosis and other aspects of their
situation, they are less likely to discuss their thoughts and feelings
openly. Roughly 40 % of new visitors make an explicit request for
support, and in almost all cases, these requests focus on informational
support. Explicit requests for emotional support are comparatively rare.
Interestingly, many new visitors seem to join the forum with the intention of giving rather than receiving help, and tend to provide encouragement ahead of other forms of support.
Peers are quick to share the facts of their own situation when welcoming new users, presumably with the intention of showing the visitor
Table 4
Proportion of conversations in which each type of forum member mentions
each topic.

Self-Reﬂection & Disclosure
Disclosure of information
Disclosure of emotions
Request for support
Request for informational support
Request for emotional support
Support Provision
Informational Support Provision
Cancer diagnosis
Cancer treatment
Cancer recurrence
Cancer care & coping
Emotional Support Provision
Encouragement
Empathy & sympathy
Esteem support
Solidarity
Conversational cues
Salutations & closings
Acknowledgment & appreciations
Horizontal questions

new visitor

replying peers

93.6 %
92.4 %
42.7 %
41.1 %
39.6 %
15.8 %
36.2 %
12.2 %
2.4 %
6.0 %
1.3 %
6.4 %
33.8 %
25.1 %
7.8 %
9.6 %
8.7 %
67.6 %
62.2 %
22.4 %
8.0 %

49.3 %
48.9 %
20.2 %
5.3 %
5.3 %
0.9 %
40.9 %
21.1 %
4.4 %
10.2 %
0.2 %
14.0 %
38.9 %
29.1 %
15.6 %
13.8 %
13.1 %
45.6 %
43.6 %
12.0 %
5.8 %
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4. Discussion and implications

Table 6
Number of annotated sentences per conversation written by the conversation
starter.

4.1. Primary ﬁndings
While previous researchers have explored support exchange in the
OHC context (e.g. [28,29]) and stressed the importance of newcomers
on the community dynamics (e.g. [12] & [11]), no prior study speciﬁcally focused on the impact of new members’ initial posts and the
subsequent eﬀects on their activity level. Thus, we ﬁrstly sought to
establish what topics were discussed in the initial conversations of new
users. Our results showed that almost all of these conversations contained self-disclosure from the new visitors. Informational disclosure
occurred in almost all cases, and emotional disclosure in almost half of
cases. Smithson et al. [13] reported similar results, and highlighted that
OHC members often initiate a thread by asking for ‘advice’ that they
could either ﬁnd for themselves easily online or that had an obvious
‘safe’ answer. Furthermore, we found that almost half of new visitors
make an explicit request for support, and in almost all cases these requests are for informational support, rarely for emotional support.
Emotional support and disclosure are important, as earlier research has
stressed on the deeply remedial potential of emotional reciprocity [30].
Many new visitors seem to join the forum with the intention of giving
rather than receiving help, and tend to provide encouragement ahead of
other forms of support. This is in line with Butler et al.’s (2014) characterisation of bond-based communities as a space in which members
act altruistically for the good of the community. Peers are quick to share
the facts of their own situation when welcoming new users, presumably
with the intention of showing the visitor that they are not alone.
However, peers are less likely to discuss their thoughts and feelings
about their situation, with only 20 % of conversations including any
form of emotional disclosure.
Next, the ﬁrst hypothesis examined new visitor’s conversation and
whether it inﬂuences their active or non-active status. We found a
partial support for this hypothesis. H1a was not supported as the volume of activity of a new visitor in their ﬁrst conversation was not associated with becoming an active or non-active user in the forum. In
contrast, H1b was supported as the topics of new members’ conversation either positively or negatively inﬂuenced on their activity level. In
particular, we found that new visitors who request informational support are more likely to become non-active users. Presumably, they join
the forum to ask speciﬁc questions and are unlikely to actively engage
after those questions are answered. In contrast, new visitors who join to
help and provide support to others are more likely to remain active in
the forum, particularly if they are inclined to provide emotional support
in the form of encouragement or esteem support. This is in line with
some other studies: Smithson et al. [13] reported that the oﬀering of
informational support is typically hedged with expressions of emotional
support, and that a key function of the activity on OHCs could be seen
as connecting, developing relationships, or ‘just being there’ for
someone who is struggling. New visitors who take care to include social
niceties (salutations and closings) are also more likely to stay active in
the forum.
In regards to our second hypothesis, we found support for H2a as
ﬁndings showed that new visitors are more likely to become active
posters if they encounter self-disclosure from other peers, and that
disclosure of both information (e.g. diagnoses, experiences) and emotions (e.g. hopes, fears, concerns) is welcome. Surprisingly, receiving
informational or emotional support is not associated with new visitors
staying active, unless that support is in the form of expressions of solidarity. An additional factor is whether the new visitor is asked horizontal questions, which presumably encourage greater self-disclosure.
Furthermore, H2b was accepted as the volume of contributions from
peers is signiﬁcantly associated with becoming active, meaning that
visitors are more likely to actively post if they receive a larger volume
of responses from their peers in their ﬁrst conversation. However the
number of peers who contributed to initial posts of newcomers

associated with a user subsequently staying active.
Table 7 provides a similar breakdown to Table 6, but focuses on the
messages written by other peers in response to each new visitor.
Table 7 suggests that new visitors are more likely to become active
posters if they encounter self-disclosure from other peers, and that
disclosure of both information (e.g. diagnoses, experiences) and emotions (e.g. hopes, fears, concerns) is welcome. Surprisingly, it does not
appear that receiving informational or emotional support strongly
predicts whether new visitors stay active or become non-active, unless
that support is in the form of expressions of solidarity. An additional
factor is whether the new visitor is asked horizontal questions, which
presumably encourage greater self-disclosure. All of these ﬁndings
point towards a strong need for new visitors to quickly get a sense that
they are connecting to real people who are facing similar situations.
Similar to the results shown in Table 6, topics with statistically insigniﬁcant P-values represent forms of peer support that do occur in the
community, but which are not strongly associated with a user subsequently staying active.
Given the above ﬁndings, Table 8 summarizes results for our hypotheses. Next section discusses the implications of these results.

Table 7
Number of annotated sentences per conversation written by peers responding to
the conversation starter.
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Table 8
Summary of hypotheses outcomes.
Hypothesis

Outcome

H1a: Topic of new members’ initial post inﬂuences their activity level
H1b: Volume of new members’ initial post inﬂuences their activity level
H2a: Topic of community reaction to a new member’s initial posts inﬂuences the member’s activity level
H2b: Volume of community reaction to a new member’s initial posts inﬂuences the member’s activity level

Not supported
Supported
Supported
Supported

presented no impact on the activity level. All of these ﬁndings point
towards a strong need for new visitors to quickly get a sense that they
are connecting to real people who are facing similar situations.

conventional advice on health care often initiate new posts asking for
advice in similar situations. These ﬁndings extend and contribute to
earlier studies by Yan et al. [9] and others that reported personal
beneﬁts (i.e. reputation enhancement, perceived social support, and a
sense of self-worth) and avoidance of costs (i.e. executional and cognitive costs) are key drivers of memberships in OHCs.

4.2. Theoretical implications
Butler et al. OCASA theory is increasingly receiving interest from
OHCs scholars for examining community design and members’ social
interactions (e.g. [31–33]). However, more work is still needed to extend this into the bond-based online communities as Butler et al. concede “the extent to which such other factors drive member expectations and
participation decisions in ways that are inconsistent with cost–beneﬁt logic is
a limit on the generalizability of the simulation model presented here” ([14],
page 723). Motivated by this, the present study has contributed to the
OCASA theory by examining new OHC members’ initial posts and
community reactions to them, and extending the theory to a bondbased context (i.e OHCs) in which members do not have a ﬁnancial
cost–beneﬁt motivation.
As Fig. 4 summarizes, our results have implications for the three
stages of the theory. We found that initial posts made by new members,
coupled with the community reactions to these posts, can determine
active or non-active status of individuals. This is in line with the
OCASA, as initial posts reﬂect new members’ expression of expectations
from the community, and the subsequent reactions to these posts can
determine whether the members may actively engage with the community. Given the support for H1b, the content of messages and the
type of support exchanged as a result of initial posts can predict new
members’ activity levels. This is in-line with Wang et al. [34] ﬁndings
that emotional support is correlated with length of membership. Furthermore, the support for H2 shows that subsequent to receiving support from the community, new members are more likely to stay active
in the community. As also echoed by Introne et al. [31], this perception
gets reinforced among new members that the forum is a good ﬁt for
their needs, which then may encourage them to stay in the community.
This study highlighted that OHC members engage in reciprocal
exchanges of self-disclosure coupled with provision of information and
emotional support as well as social niceties and solidarity. We found
that these exchanges are often a way for members to express the desire
to connect with others and develop relationships. Smithson et al. [13]
produced a similar ﬁnding—that the same OHC members who post

4.3. Practical implications
In addition to the theoretical contributions, this study also oﬀers
support and sheds light on OHCs practical applications. Firstly, OHCs
managers and owners should explicitly highlight on their website the
beneﬁts of the online community for patients and other health users.
While OHCs oﬀer valuable health related informational support, community managers should use the ‘About Us’ or other community introduction pages to stress the importance of connecting with likeminded peers and exchanging emotional support via an OHC. This, as
per OCASA, helps to ensure new members’ expectations of the community management activities and initiatives are realized. Secondly,
our results inform health organisations’ policymaking and advocacy
eﬀorts towards strengthening online support for cancer patients and
other health users (e.g. carers). The results of this study encourage
health organisations to take advantage of online health communities to
supplement their existing health support services. For instance, Cancer
Council NSW is currently hosting one of the most active and vibrant
online health forums in NSW which is increasingly attracting people
from around the country and overseas. This is because its cancer health
advice and peer support can be used by patients across the globe.
Lastly, as Yan et al. [9] have also reported, OHCs managers and
owners should encourage self-disclosure and personal reﬂections and
publicize the positive experiences and impacts that this may have for
both the persons who actively share (active posters) and others. Other
studies have also found that publicizing results of peer support plays an
important role in oﬀering hope, facilitating coping, and enhancing
quality of life (e.g. [2,12]). For instance, research shows that patients
may beneﬁt from being exposed to others who have recovered to some
degree from the same disorder [35].

Fig. 4. The OCASA theory for bond-based communities.
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5. Conclusions and recommendations for future research

of online health communities by health users and practi• Use
tioners is on the rise
communities are eﬀective environments for peer sup• These
port and information exchange
of these communities depends on active engage• Usefulness
ment of community members
is unclear what exact topics are discussed in diﬀerent online
• Ithealth
communities and why activity levels rise or drop

In this paper, we examined whether the content and volume of new
OHC members’ initial posts is associated with their subsequent activity
levels. Findings revealed that the initial posts of new OHC members are
strongly associated with whether members actively post to the community following their initial posts and the community’s reactions to
these posts. Moreover, in line with previous studies, this research revealed high proportions of peer exchanges on Request for Support and
Support Provision topics. We also documented numerous exchanges
relating to Self-Reﬂection & Disclosure and Conversational Cues in the
online cancer community under study. Findings revealed that users are
more likely to exchange information support than emotional support.
Many new users reﬂect on their personal circumstances and use initial
conversations as a mechanism to connect to others and feel part of the
community.
We extended OCASA theory to a bond-based context, and presented
members’ expectation from the community through topics of their initial posts, and how these topics and their associated volumes can
predict members’ selection and attrition. However, our contribution to
OCASA stays limited to the assessment of members’ initial posts, which
creates opportunities for future studies to examine pattern of activities
and the support exchanged between members over a period of time, and
relate them to members’ ﬁrst post proﬁle. Some like Panciera et al. [36]
suggest that active members of online communities like Wikipedia are
born and not made, and thus future research could examine such hypothesis in the OHCs context.
Our ﬁndings also imply that OHC members do not simply leave the
community if their expectations are not satisﬁed in the ‘selection’ stage.
Rather, they may swing between active and non-active status, meaning
active posters may temporarily engage in the community passively.
However, one limitation of this study was the absence of page view
measurement, so we were unable to track passive use and abandonments. Consequently, we were unable to test the validity of this implication of our ﬁndings since we solely relied on textual data; other
researchers could collect page view data to do so. Future studies can
also extend the deﬁnition of non-active/active representation using
other methods (e.g. tracking or interviewing users) to make a clearer
distinction between activity levels and users’ needs and expectations in
OHCs.
Furthermore, future researchers should investigate the behavior of
other cohorts of OHC users, particularly carers of patients. Empirical
research is also needed to link OHC members’ activity levels with their
health conditions, living environments, cancer types and other factors.
Finally, researchers are encouraged to study the role of moderation in
attraction, selection, and attrition of users in OHCs. While some studies
recommend a slow and infrequent style of moderator intervention [37],
others argue for frequent and personalized moderator engagement
[38,39].

What this study added to knowledge:
of new members’ initial posts can predict future ac• Volume
tivity levels (i.e. active vs. non-active)
reactions to initial posts can predict future ac• Community
tivity levels (i.e. active vs. non-active)

• Key topics exchanged in online health communities are: informa•
•

tional support provision, emotional support provision, request for
help, self-reﬂection & disclosures, and conversational cues
Members of the community overwhelmingly disclose personal reﬂections to bond with the community
Many members actively post to the community solely to provide
informational and emotional support to others
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